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When analyzing a scatterplot, you may find that 
a set of data are generally linear and homoscedas-
tic, but they contain points that are outliers. For 
example, the graph in Figure 13.6 shows a strong, 
negative linear relationship, but there is one data 
point that deviates from the general trend. This 
one outlier can have a significant impact on the 
correlation. In these cases, researches usually 
look to determine if there is some sort of meth-
odological or data entry error that led to this out-
lier. If you identify an error, fix it prior to analysis. 
If the outlying point is not an error, researchers 
often compute the correlation with and without 
the outlier and report both sets of analyses.

ALTERNATIVE USE FOR CORRELATION

Most of the time when you use a correlation, you have scores from the same person for both variables. 
However, in some situations, you can assess the relationship between the scores from different indi-
viduals. For example, if you wanted to assess the relationship between spouses’ marital satisfaction, 
you could measure the marital satisfaction of both people in a marriage to see if their respective sat-
isfaction scores are associated. If one person in a marriage is satisfied, does the other person tend to 
be satisfied as well? And if so, how strong is the association between married couples’ satisfaction 
scores? The key requirement is that the two variables being correlated must be “paired” in some way. 
The data must include paired scores that came from the same source (e.g., the same person, the same 
marriage).

	 15.	 A correlation can only be used if the scores on each variable

a.	 come from the same people.

b.	 are paired or linked to each other in some way.

CORRELATION AND CAUSATION

You have probably heard the common phrase, “correlation does not equal causation.” Although the 
phrase is true, it is misleading. The popularity of this phrase, without similar cautions for other sta-
tistics (e.g., t tests, ANOVAs), incorrectly implies that these other statistics do allow you determine 
causal relationships. In fact, no statistic, by itself, allows researchers to infer causality. So, while it is 
true that correlation does not equal causation, it is also true that the “t test does not equal causation” 
and “ANOVA does not equal causation.” To support a causal claim, there are two requirements. First, 
you must establish that the two variables are significantly related to each other. In other words, when 
one variable changes, the other variable changes as well. This first requirement is a statistical issue 
and can be addressed with any of the significance tests covered in this book. However, a statistically 
significant relationship is not sufficient evidence that one variable (IV) causes changes in the other 
(DV). The second requirement is that there are no confounds or alternative explanations for the 

Reading 
Question

  Figure 13.6   � Graph of a Strong, Negative 
Linear Trend With an Outlier


